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training with model type <class 'donkeycar.parts.keras.KerasLinear'>
Model: "model"” -

Layer (type) Output Shape Param # Connected to

img_in (InputLayer) [(None, 224, 224, 3) © System throttled

/
ﬂﬁé‘fgﬂjm conv2d_1 (Conv2D) (None, 110, 110, 24) 1824 img_in[0][0]

KEHNEI.E 4 dropout (Dropout) (None, 110, 110, 24) 0O conv2d 1[0][0]
iEE%%E
conv2d 2 (Conv2D) (None, 53, 53, 32) 19232 dropout[0][0]

A
*%&ul% ? dropout_1 (Dropout) (None, 53, 53, 32) 0 conv2d_2[0][0]

conv2d 3 (Conv2D) (None, 25, 25, 64) dropout 1[0][0]

dropout 2 (Dropout) (None, 25, 25, 64) conv2d 3[0][0]

conv2d 4 (Conv2D) (None, 23, 23, 64) 36928 dropout_2[0][0]

2 . [ - i FE 3 3 “ T
’ A%, S C . e i R 3
be” 5 s S = N e Y . -~ »



dropout_3 (Dropout) 23, 23, 64)

conv2d 4[0][0]

conv2d 5 (Conv2D) 21, 21, 64)

dropout 3[0][0]

dropout_4 (Dropout) 21, 21, 64)

)

e System throttled due to Oy

flattened (Flatten) 28224)

)

dropout_4[0][0]

dense (Dense) 100)

2822500

flattened[0][0]

dropout 5 (Dropout) 100)

0

dense[0][0]

dense_1 (Dense) 50)

dropout 5[0][0]

dropout_6 (Dropout)

dense_1[0][0]

n_outputs® (Dense)

dropout_6[0][0]

n_outputsl (Dense)

Total params: 2,973,828
Trainable params: 2,973,828
Non-trainable params: ©

dropout_6[0][0]
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val loss improv

STEFRIN 2

0.2376 - n_outputs0 loss:

»

val _loss improved from 0.27020 to 0.23763, saving model to C:\projects\mysiy
===] - 125 187ms/step oss: 0.2567 - n_outputsO_loss

0.2091 - n_outputs0 loss:

»

_loss improved from 0.23

2poci 20012, saving model to C:\projectsimysin
65165 [ ] -

sfstep - loss: 0.2119 - n_outputsO_loss:
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